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11. 7
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Partially Observable MDP
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Jf 7% (policy)

O (x . u): I B2
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Vf(x)=max[Q(x,u)]
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11.5TD =&
(Temporal-Difference Learning)
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TD-gammon
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Learning with an External Critic (LEC)
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Learning by Watching (LBW)
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An Abstract Model of Teaching

random walk
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Perceptual Aliasing &8
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Nearest Sequence Memory
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Nearest Sequence Memory
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Utile Suffix Memory
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